34 % 108
2017 4E 10 A

[ S
MICROELECTRONICS & COMPUTER

it L

Vol. 34 No. 10
October 2017

EF=4%M

RHMEEREEEREREEEAR

B E
OBM TRIZBE HUBKR S (5 TR B TR B 451400)

B B HACANRET R ARKEACERETAFERERE MO FA REET ZENE N AT RE

RAERREH .8 AAA CCD B AR RAL I A T 3 & A M M8k 2 20O B &L A A

=R RBAR

MR EREEHTHF AL BFHRBEMNHEERACERTER AP AFREAE; R HKEREL
HATHEFHWRESZEHEN AR REREEH B FIAMNEEXRBEREE LR ITHERW L4 LA A

GPS. R4 ek FH R B UL RO sk F 3 R S sk B 8 R #EAT

Giit %R BT B R

BRERMER . FREFEFHRERCERERREREAAREG K T EEREHL AT BT KA.
KEBWH: — AW HAEREERAZEAEM; EHXBEGHRRER &

FESYES: TP391 XREFRIAAD: A

XEHS: 1000—7180(2017)10—0101—04
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Abstract: According to the traditional acquisition methods, there is the problem of low accuracy in the acquisition of

subway passenger information collection, the proposed intelligent subway passenger information acquisition

algorithm based on 3D vision, first using the equipment of CCD digital camera or sensor shooting ZhengZhou subway

passenger texture image, to digitize the subway passenger information using three dimensional vision sensing

technology, the subway passenger information the data are to the depth of processing noise, threshold

segmentation; state space reconstruction and time sequence of subway passenger information, calculating the

autocorrelation function of subway passenger information of time series; finally, based on the calculation results of

the statistics on the subway passenger information with GPS, wireless communication, subway vehicle tracking and

subway card charges intelligent acquisition system, complete the subway passenger information. The experimental

results show that the proposed algorithm can greatly improve the efficiency of subway passenger flow information

collection, accelerate the speed of information collection, and reduce the cost.

Key words: 3d visual; the subway traffic information; state space reconstruction; autocorrelation function;intelligent

acquisition algorithm
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